This paper analyses information-based superiority of markets mainly with an objective of exploring arbitrage opportunities. It attempts to determine the lead-lag relationship between spot and futures markets in the Indian context by using high frequency price data of twelve individual stocks, observed at one-minute interval. The study applies the concept of co-integration and establishes the spot-futures relationship using Vector Error Correction Mechanism (VECM) represented by EGARCH framework. To study the price discovery process in the two markets, five lags each of one-minute resolution for nine individual stocks and four lags for the remaining three stocks are chosen.
The key results of the study are given below:
• There is a contemporaneous and bi-directional lead-lag relationship between the spot and futures markets.
• A feedback mechanism of short life is functional between the two markets.
• Price discovery occurs in both the markets simultaneously.
• There exists short-term disequilibrium that could be corrected in the next period.
• Volatility spillover from spot market to futures market is present in such a way that a decrease in spot volatility leads to a decrease in futures volatility.
• Volatility shocks are asymmetric and persistent in both the markets.
• Spillover from futures market to spot market is not significant.
• Neither spot nor futures assume a considerable leading role and neither of the markets is supreme in price discovery.
• In the case of 33.33 per cent of spot values and 33.33 per cent of futures values, there exists short-term disequilibrium that could be corrected in the next period by decreasing the prices.
• Spot market volatility spills over to futures market in most of the cases (66.66 %) and a decrease in spot volatility brings about a decrease in futures volatility in 50 per cent of the cases.
• Spillover effect from futures to spot market is present and significant in 91.66 per cent of stocks and is more than the spillover effect from spot to futures (50% valid cases).
• The markets are highly integrated.
• Asymmetric behaviour of volatility shocks is mixed in both the markets. Asymmetric volatility is detected in 50 per cent of the cases of spot market and 58.33 per cent cases of futures market.
• Stocks exhibiting asymmetric volatility show more sensitivity to negative shocks.
• There are no cases of market becoming more volatile in response to good news. F utures market is expected to serve as a price discovery vehicle for investors in spot market. As Fleming, Ostdiek and Whaley (1996) suggested, the trading cost advantage of futures market makes it more responsive to new information than other markets. As a result, prices are first updated in the futures market, which thus serves as a price discovery vehicle for investors. There are other explanations also for one market leading the other (Infrequent trading hypothesis of Tan and Lim, 2001 ; liquidity factor identified by Daigler, 1990, etc.) . In short, a lead-lag relationship would be eventually established between spot and derivatives markets. The success of a specific futures contract in providing price risk protection, however, is dependent on the ability of a potential hedger to accurately anticipate the future relationship between cash and futures prices. Attempts to quantify and forecast futures-cash price relationships have received considerable attention in the futures market literature.
From an empirical perspective, a substantial academic and professional literature explores the dynamics of stock index and index futures prices in developed economies with the aim of determining which market is dominant. The methodologies of these studies vary widely, but the major finding is that the dominant influence runs from the futures market to the cash and weaker effects (though still measurable) occur in the reverse direction (Joel, 2003) . Chan (1992) , using intra-day data, reports a strong evidence to show that the futures leads the cash index and a weak evidence that the cash index leads the futures. He concludes that the futures market is the main source of market-wide information. Frino, Walter and West (2000) document a strengthening in the lead of stock index futures returns over stock index returns around macroeconomic information releases. They also document evidence of a strengthening in feedback from the equities market to the futures market and weakening in the lead of the futures market around major stockspecific information releases. They argue that their findings are consistent with the hypothesis that investors with better market-wide information prefer to trade in stock index futures while investors with stock-specific information prefer to trade in underlying stocks. Tse (2006) examines the lead-lag relationship between the spot index and futures price of the Nikkei Stock Average. Using daily data, he found that lagged changes in the futures price affect the short-term adjustment in the spot index, but not vice versa. Karmakar (2009) studied the Indian market, using daily data of S&P CNX Nifty and Nifty futures and found that Nifty futures dominate the cash market in price discovery process. He also found that although persistent volatility spills over from one market to another market bi-directionally, past innovations originating in the futures market have unidirectional significant influence on the present volatility of spot market. Therefore, he concludes that Nifty futures is informationally more efficient than the underlying cash market. However, there are reported evidences to support spot market's dominance to discover prices (Ching-Chung et al., 2002 and Frino, Walter and West, 2000) ), and no significant leadlag relationship between the markets (Grandson, Fernandez and Muoz, 1998 and Abdul, Khairuddin and Obiyathulla 1999) . Wang and Wang (2001) , in a study on the British, German, French, and Canadian currencies against the US dollar, find a bi-directional price discovery in both markets. Mukherjee and Mishra (2006) use intra-day data for Nifty and five underlying Nifty stocks for the period AprilSeptember 2004 to investigate the possible lead-lag relationship, both in terms of return and volatility, among the Nifty spot index and index futures market in India. Their results suggest that though there is a strong contemporaneous and bi-directional relationship among the spot and futures market in India, the spot market has been found to play comparatively stronger leading role in disseminating information available to the market. They have got almost the same results even for some underlying NIFTY stocks. They conclude that the informational efficiency of the Indian cash market has really been increased due to the onset of derivative trading. Their results on the volatility spillover among the spot and futures market in India reveal that there is an interdependence (in both direction) and therefore a symmetric spillover among the stock return volatility in the Indian spot and futures market, though the spillover from the spot to the futures market is found to be little stronger than the same in the opposite direction. We find that the results are mixed for both the foreign and the Indian market. In the light of mixed results that are more market-specific, the issue of lead-lag relation continues to be a debatable one among academic and practical circles.
In this paper, we attempt to determine the lead-lag relationship between spot and futures markets in the Indian context. As an emerging economy, Indian market attracts attention of both investors and researchers alike. However, most of the previous studies on Indian market are based on daily price data. Given a fully automated, screen-based trading system on National Stock Exchange of India Limited (NSE), which supports an anonymous order-driven market, trading, release of information, and its transmission happen instantaneously. The frequency is much more in the case of spot market where on an average three million transactions take place in a day. This fact limits the utility of daily data to determine leadlag relationship between spot and derivatives markets. Unlike most of the other Indian studies, the present study uses tick-by-tick price data of individual stocks that makes it a distinct one. It uses relatively more number of futures on individual stocks taken at high frequency settings than any other Indian study. The present study uses high frequency price data of twelve individual stocks, observed at one-minute interval. In addition, when the data for the two markets are modelled through time series, problems of auto correlation, stationarity, heteroscedasticity and co-integration are to be recognized and accounted for. To do this, we use appropriate econometric tools balancing these features and reducing the error to a minimum level. Finding the data properties and following the best practices among the researchers, we use the idea of co-integration and model the spot-futures relationship using Johansen's Vector Error Correction Mechanism (VECM) represented by Nelson's EGARCH framework. Thus, the present work becomes a value addition to the derivatives literature as well as market insights.
ECONOMETRIC METHODOLOGY
Given the nature of the problem and the quantum of data, we first study the data properties from an econometric perspective and find that co-integration and error correction models are required to establish the equilibrium relationship between the markets. Further, to quantify the short-run relationship and to study volatility spillover, we use the VECM represented by EGARCH framework. A brief account of the methodology follows.
Unit Root Test
The regression analysis would yield efficient and time invariant estimates provided that the variables are stationary over time. However, many financial and macroeconomic time series behave like random walks. We first test whether or not the spot and futures price series are co-integrated. The concept of co-integration becomes relevant when the time series being analysed are nonstationary. In particular, two time series χ t and Yt are both integrated of order one, denoted as I(1), if they are both non-stationary in levels but their first differences are stationary. Then, χ t and Yt are co-integrated if there exists a linear combination zt = Yt -Axt, which is stationary, denoted as I(0). Therefore, before analysing cointegration between prices of each symbol of the sample data, we first check if the two price series for each stock is I(1). In order to check for the presence of a unit root in the series, we use Dickey-Fuller test. Table 1 shows that the spot and futures price series of all the symbols are non-stationary and they attain stationarity only after differencing. It is important to establish the number of unit roots that a series contains while testing for co-integration. For two non-stationary series to be co-integrated, they must be integrated of the same order. For each series, the test indicates the presence of one unit root; each price series may therefore be regarded as difference stationary. Given that each stock's spot and futures prices are integrated of the same order, (1), co-integration techniques may be used to determine the existence of a stable long-run relationship between the price pairs. Also, as reported in the Table, we check for the presence of auto correlation in the spot and futures price series and find significant auto correlation effects for all the price series. It is tested using Ljung-Box (LB) statistics.
Co-integration and Dynamic Effect between Spot and Futures Prices
A regression containing non-stationary variables, which can be made stationary only by appropriate differencing, generally leads to the problem of a spurious regression. If spot and futures prices are both non-stationary and require first differencing to render each series stationary, then, in general most linear combinations of the two series will also be non-stationary. A co-integrating vector may, however, exist that makes a specific linear combination of the two series stationary (McKenzie and Holt, 2002) . Previous research has attempted to circumvent the stationarity problem by differencing the series so that the new series would be stationary (Hansen and Hodrick, 1980; Hakkio, 1981; Baillie, Liens and McMahon 1983) . Following this idea, we employ first log differ-ence, defined as R x = ln x t -ln x t-1 , with χ t taking the value of spot/futures price at time t.
Subjecting the spot and futures price series individually to unit root analysis, we find that they are I(1); that is, they contain a unit root. However, despite being individually non-stationary, a linear combination of two or more time series can be stationary. Then one can say that the variables are co-integrated. In econometric terms, two variables will be co-integrated if they have a long-term or equilibrium relationship between them (Gujarati, 2005) . Though the co-integrated variables share a long-term or equilibrium relationship, in the short-run there may be disequilibrium. Therefore, one can treat the error term in the regression model as the "equilibrium error" and this can be used to tie the shortrun behaviour of the dependent variable to its long-run value. The error correction mechanism (ECM) first used by Sargan (1984) and later popularized by Engle and Granger (1987) corrects for disequilibrium. An important theorem, known as the Granger representation theorem, states that if two variables X and Y are co-integrated, then the relationship between the two can be expressed as ECM (Gujarati, 2005) .
We apply the Johansen (1988) model, which was expanded by Johansen and Juselius (1990) and Johansen (1991) . This method features the maximum likelihood procedure, facilitates treatment of multivariate analysis, and is considered to be powerful and efficient. The causal relationship between spot and futures prices is investigated by estimating the following VECM (Johansen, (1988) ). In this method, a p th order autoregressive process,
is rewritten as . . . (1) where, ∆ is the first-difference lag operator, χ t is a (n x 1) vector of I(1) time-series variables, ε t is a zero mean n-dimensional white noise vector, Γ are n x n matrices of parameters, and Π is an n x n matrix of parameters whose rank is equal to the number of independent cointegrating relations.
The Johansen procedure estimates equation (1) subject to the hypothesis that Π has a reduced rank 'r' less than the number of variables used. This hypothesis can be written as H(r) = αβ′. The matrices, α and β′ are of dimension n X r, α depicts the speed of adjustment, and β′ represents the co-integrating vectors. Johansen and Juselius (1990) show that, under certain circumstances, the reduced rank condition implies that the processes, ∆ χ t and β′ χ t are stationary even though χ t itself is nonstationary. The stationary relations β′ χ t are referred to as co-integrating relations (Kim, 1998) . Johansen (1988) suggests two test statistics to determine the co-integration rank. The first is the trace statistic, which is the relevant test statistic for the null hypothesis: r ≤ r0 against the alternative r ≥ r0 + 1. The second test statistic is the maximum eigen value test known as λ max with the alternative r = r0 + 1.
They are defined as:
. . . (2) and , . . . (3) with T being the number of usable observations and λ t being the estimated value of the characteristic root (Eigen value) obtained from the estimated ∏ matrix. In the present study, the number of variables (k) is two, corresponding to the spot and futures price series. Both λ trace (r) and λ max (r,r + 1) statistics follow non-standard distributions. Their critical values are provided in Johansen and Juselius (1990) . The Johansen co-integration model has several variations to accommodate specific characteristics of time series. The model type used in this paper is the one with no deterministic terms. We determine the number of lags in the model by using the multivariate version of the Schwarz Bayesian criterion (Schwarz(1978) ).
Test of Lead-Lag Relationship: An Application of EGARCH
Lead-lag relationship is based on the hypothesis that changes in one market (either spot or futures) influences the other. This hypothesis can now be tested by using a technique developed by Granger (1969) . Although the VECM outlined above provides a useful means of testing for short-run market efficiency and unbiasedness, the approach is limiting in several ways. First, the model does not address the possibility that volatility may be time varying in nature. Secondly, the VECM framework, at least in its current form, can only account for linear price dynamics in the conditional mean of price changes.
Finally, VECM estimation that relies on ordinary least squares (OLS) assumes that the distribution of price changes is characterized by a constant variance. GARCH effects characterized by volatility clustering imply that models that allow for time variation in the conditional second moment may better represent the data-generating process. As noted by Gao and Wang (1999) , omitting GARCH effects in estimation may result in incorrect inferences regarding the existence of an autoregressive process in the conditional mean of price changes. In the present case, modelling spot/futures price changes by using a VECM without accounting for identified GARCH effects could lead to spurious conclusions.
In light of the above discussion, ARCH/GARCH models are used to test lead-lag relationship, volatility spillover, and short-run market efficiency. As we are interested in knowing how volatility responds to good and bad news, we apply EGARCH specification popularized by Nelson (1991) . To test the causality between spot and futures prices, the following expanded VECM may be estimated using EGARCH representation for each symbol.
. . . (4) . . . (5) . . . (6)
In equations (4) and (5), ∆S t and ∆f t are the first log difference of spot and futures price, ξ s,t-1 and ξ f,t-1 are the error correction terms obtained from lagged residuals of co-integrating regression of first log difference of spot on futures price and first log difference of futures on spot prices respectively. The error correction terms capture the dynamic linkages between spot price and futures price changes. ε s,t and ε f,t are the stochastic error terms and α, β and δ are the coefficients to be estimated. Ωt-1 is the information set at time, t-1. A condition on the error correction coefficients δs+δf≠ 0, ensures that lagged disequilibrium ξ t-1, occurs in at least one of the equations (Patterson, 2002) . The specification of ε i,t allows for the possibility that they are serially correlated and hence the use of ARCH/GARCH class of models. Moreover, the causality models are very sensitive to the lag length used in the model. The number of lags used in (4) and (5) are determined using the Schwarz Information Criterion (SIC) because of its superiority over other criterions as reported in Reimers (1992) .
Equations (6) and (7) The lag truncation length (p and q) is determined using Likelihood Ratio (LR) tests and we choose EGARCH (1,1).
DATA
The data comprises intraday minute-by-minute spot and futures prices for a period from July 3, 2006 to December 28, 2006. The high frequency historical data is provided by NSE. NSE observes and records each and every trade taking place in fast intervals. As we take the most eligible minute-wise data, a time length of six months is manageable and appropriate for addressing the question of price discovery. Also the data belongs to a normal period when the market did not experience any extraordinary events either politically or economically. This is a period of flourishing and buoyant stock market with good liquidity. For each derivatives contract, there are three expiration cycles. But only the near month futures contract is used in this study because others are not very liquid. In order to standardize the length of interval and to overcome the problem of non-trading in futures market, we limit the number of stocks based on certain criteria stated below.
• The stock should be traded on both the segments throughout the sample period.
• There should be at least one observation of price in every one-minute interval so that the trading frequency would be high in both the markets.
• Non-trading probability of the stock should be closest to zero.
Adhering to these criteria, we consider twelve most liquid individual stock contracts for further analysis. The trading day was divided into 325 one-minute intervals, starting from 10.00 a.m. and ending at 3.25 p.m. omitting the first and the last five minutes of transaction to remove any perceived abnormalities. We use the price recorded first after each time interval. The futures price, Fit on day i at time t (t corresponding to each of the 325 time slots) is defined as the first transaction price recorded at or after t. Thus, synchronous pairs of transaction prices for spot and futures (Pit, Fit) for each trading day i are first formed and then combined to form a comprehensive data sheet for processing.
Trading Frequency and Non-trading Probability 
CO-INTEGRATION
Maximal Eigen value and trace test statistics presented in Table 3 indicate that the null hypothesis of no co-integration when r=0, is rejected at the 1 per cent level and it is not rejected when r=1 for each symbol of twelve stocks. This means that there exists one co-integrating vector for each symbol. Overall, Johansen's test results support the hypothesis that spot and futures prices for each symbol are co-integrated and there exists at most one co-integrating relationship between spot and futures prices. In other words, spot and futures prices share common long-run information.
RESEARCH FINDINGS AND DISCUSSIONS
We now present the results of lead-lag relationship and volatility spillover between spot and futures markets using VECM-EGARCH model. Table 4 offers the test results of spot to futures of twelve symbols examined. These are the estimates of equations (4) and (6). Similarly the estimates of equations (5) and (7) giving the test results of futures to spot prices of all the symbols are presented in Table 5 .
First, we consider the price discovery process in the two markets. This informs that in the event of spot market being above its long-run relationship with futures, it will decrease to restore the equilibrium level whereas futures adjusts to changes in spot in the same period. One can draw the conclusion about the relative efficiency of futures market in this particular stock during the study period. But other two stocks report just the opposite, with zero for the spot to futures and significant negative value for the futures to spot. This further strengthens our conclusion of contemporary and bi-directional lead-lag relationship between the spot and futures markets with regard to the three stocks.
There exist significant volatility spillover effects from spot market to futures market in the case of Century Textiles and SBI, at one per cent level. The spillover coefficients are negative, suggesting a decrease in futures volatility for a given decrease in spot volatility. The vola-tility spillover from futures market to spot market is more than that of spot to futures market except in the case of Century Textiles. Also, the volatility spillovers are asymmetric and 'bad news' effect is more than 'good news' effect for spot to futures of Century Textiles and SBI, and for futures to spot values of all the three stocks. For the three stocks, spot market volatility is persistent over time. Futures market volatility is found unrelenting at the chosen level of significance for Century Textiles.
The estimates of two other stocks, Punj Lloyd and Reliance Capital, reveal that spot values lag futures values up to four minutes and the futures values lag spot market up to one minute for Punj Lloyd and five minutes for Reliance Capital. Significant serial dependence is also reported for spot as well as futures up to four lags for spot, and one and five lags for futures of Punj Lloyd and Reliance Capital respectively. It can be concluded that Punj Lloyd futures market seems to behave more efficiently reducing the degree of serial dependence but not the spot market. The coefficient of ECT is significant and negative at ten per cent and five per cent levels for spot and futures respectively in this case. This means that both the markets are out of equilibrium and will fall to achieve the equilibrium in the next period. A higher value of ECT for futures reflects its slowness to adjust to the other market (i.e., spot) and thus invalidates its perceived relative efficiency. Even in the case of Reliance Capital, error correction term is significant and negative, suggesting that equilibrium will be attained in both the markets when any of them is above its long-run relationship with the other. But the information flow is found in both the ways and that information sustains for a relatively long time, not making any of the markets leading the other. The logical conclusion will be in line with the earlier cases that price discovery is not achieved in any of the markets and spot and futures markets almost move in tandem.
For the above two stocks, volatility spills over from one market to another, offering a reduction of volatility for a given decrease in volatility in the other market. This is clear from significant negative coefficients for the ARCH term in the model. Significant spillover from one market to the other is a sign of high integration between spot and futures markets. Spillover effect from spot to futures is more than that of futures to spot in the case of Punj Lloyd, whereas the spillover from futures to spot is higher than the other for Reliance Capital. The asymmetric volatility spillover coefficients show that spillover effects are asymmetric for futures of both stocks and for spot value of Reliance Capital. The negative values again imply that market volatility is more sensitive to negative innovations than to positive ones. The degree of volatility persistence is found significant in both the markets. From this, we understand that both the markets are information-efficient and it is more correct for futures market. In such a situation, the market reacts very promptly to new information so that the current price reflects all the available information. The implication of this phenomenon would be lack of arbitrage opportunities. Since our results show that one market (spot or futures) fails to supply information to the other, we may have to conclude that neither of the markets leads or lags the other. This finding supports an argument that futures market behaves more efficiently in these cases. However, Infosys, Sterlite, and Wipro are found to show a fast equilibrium process in both the markets and this may have contributed to non-existence of lead-lag relationship. Though both the markets seemingly move very closely, the flow of information from one market to other (especially from futures to spot as reported by a fast equilibrium process) is extremely fast leaving little scope for arbitrage opportunities. The ability of both the markets to discover prices is evidently identical and therefore shares a weak lead-lag relationship between the spot and futures markets. The overall finding is in line with that of the other stocks examined.
Examining the volatility behaviour, it is found that the spot to futures market spillover effect is present in four stocks, namely, Hindalco, RIL, Tata Steel, and Wipro and the spillover effect is absent in India Cements, Infosys, and Sterlite. The coefficients of volatility spillover from futures to spot market are statistically significant at one per cent level for Hindalco, at five per cent level for Tata Steel and Wipro, and at ten per cent level for India Cements, RIL, and Sterlite. Hindalco and Wipro show positive values for volatility spillover in spot as well as futures and this implies that volatility of the two markets is not necessarily in the same direction. The spillover effect from futures to spot is more than that of spot to futures in the case of Hindalco, India Cements, and Sterlite while RIL, Tata Steel, and Wipro show more spillover from spot to futures. Notably, the coefficients of spillovers for RIL and Tata Steel are of negative sign for both spot and futures, and because of this, one can predict a decrease in volatility in one market for a given fall in volatility in other market for these two stocks. It is a clear evidence of high integration between spot and futures markets. Moreover, it is to be noted that the two stocks, RIL and Tata Steel, are the most liquid stocks in both spot and futures segments. We can now conclude that both the markets interact closely in the case of heavily traded stocks and the hedgers in fractions of minute may have economically exploited this interaction so that an observable lead-lag is absent. But given the relative low intraday volume in the futures market , this conclusion generally may not hold good.
Examining the asymmetric volatility behaviour, we find that it is mixed. Spot and futures of Hindalco, Infosys, Sterlite, and Wipro show symmetric volatility behaviour. It is asymmetric and more sensitive to negative shocks as identified by significant negative values for the leverage coefficients in the case of spot and futures values of two stocks, India Cements and RIL. In case of Tata Steel, the spot value is asymmetric whereas its futures value shows symmetric volatility. However, in no case, do we find market becoming more volatile in response to good news, with significant positive asymmetric coefficients. Finally, spot volatility is persistent over time for the stocks except India Cements and Infosys; but significant volatility persistence in futures market is present in India Cements, Infosys, RIL, Tata Steel, and Wipro. One may interpret the presence of persistence of volatility relaxing our earlier argument of relatively better information efficiency of these stocks, but we understand that the persistence may be due to similar contents in various information releases as one cannot expect an all changing information set on a normal trading day.
CONCLUSIONS
We find no significant leading or lagging effects in either spot or futures markets with respect to top twelve individual stocks. There exists a contemporaneous and bi-directional lead-lag relationship between the spot and the futures markets. As against the widely accepted hypothesis of futures market, with its cost and hedging advantages, leading the spot market, Indian futures market fails to supply early information to spot market. Our results are similar to those reported by Grandson, Fernandez and Muoz, (1998), Abdul, Khairuddin and Obiyathulla,(1999) , and Wang and Wang (2001) who found no significant lead-lag relationship between the markets. The findings almost support Mukherjee and Mishra (2006) , who report contemporaneous and bi-directional relationship between the two markets. However, they have found that the spot market plays comparatively stronger leading role in disseminating information available to the market. Our results support this only in case of two stocks and not in all other cases. For majority of the stocks, our results also contradict those of Chan (1992) , Tse (2006) , Frino, Walter and West (2000) , and Karmakar (2009) , who found that Index futures market is more efficient than the underlying Index cash market. Although our results indicate that both futures and spot markets are information-efficient, it is more correct for futures market than for spot market. This is because the notion that some of the spot values depend on lagged futures value and vice versa is true only in exceptional cases, which lends some support to the findings of Karmakar (2009) . In two cases, our results are similar to those of Frino, Walter and West (2000) who found that, in stock-specific investigations, there is strengthening of leading role of spot market and weakening role of futures market. The results can be interpreted in two ways: first, futures market is not capable of capturing any piece of information inaccessible to spot market. This does not discount the information efficiency of the futures market, but instead conveys that both the markets are identical in the process of information assimilation and price discovery. Secondly, it describes pricing efficiency of the markets, as correctly priced securities leave little scope for arbitragers. On the other hand, the short-term disequilibrium is corrected simultaneously or in the very next period. The presence of substantial volatility spillover between the markets suggests high level of market integration and hence is a further proof of our conclusion that both the markets share similar information capacity. We take care to caution that the stocks examined in our study are highly liquid with high trading frequency even on intra-day basis and therefore, more studies are required for Indian markets in other data settings like daily data or less frequency than one-minute interval examined in this study. When you get rid of the volatility factor the stock option expense creates, the earnings growth was actually very good.
-John Aiken
